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ABSTRACT: The adoption of Artificial Intelligence (Al) in human resource management (HRM) and the acceptance of digital HR
systems by employees in higher education institutions have become important factors in the management of the workforce in
these institutions. This study aims to present a systematic literature review on the available research on the adoption of Al in HRM
in higher education institutions and the factors that influence employee acceptance of digital HR systems. The available literature
on the adoption of Al in HRM in higher education institutions was identified using the PRISMA approach, and relevant literature
was identified from Scopus, Web of Science, Google Scholar, and Africa Journals Online (AJOL) databases, with the publication
dates ranging from 2019 to 2026. The literature review indicates that the adoption of Al in HRM in higher education institutions is
mainly in administrative functions, not in strategic functions, and that the adoption is influenced by technological, organisational,
and environmental factors, while the barriers to adoption include infrastructural, cost, skill, and ethical factors. Employee
acceptance is influenced by perceived usefulness, ease of use, trust, and organisational support, but resistance is driven by fear,
ethics, and threats to professional autonomy. These findings are discussed using the Technology Acceptance Model (TAM), the
Unified Theory of Acceptance and Use of Technology (UTAUT), and the Diffusion of Innovation (DOI) theory, which offer a
comprehensive understanding of the technology and socio-organisational factors that influence Al adoption in HE HRM. In the final
section, recommendations are offered for policy, practice, and further research, which highlight the importance of strategic
alignment, capacity building, ethics, and contextual approaches to Al adoption and employee engagement with HR technology.

KEYWORDS: Artificial Intelligence, Digital HR Systems, Employee Acceptance, Universities, Human Resource Management,
Systematic Literature Review

1.0 INTRODUCTION

Human Resource Management (HRM) has undergone a significant transformation in the past few decades, from an administrative
role with a focus on maintaining records, processing salaries, and ensuring compliance to a more strategic role for the organisation
with a focus on talent management, workforce optimisation, and organisational effectiveness (Tiwari & Voon, 2025). HRM
research in the present day suggests the evolution of the role to encompass a wider range of responsibilities that include the
integration of human capital with organisational effectiveness, strategic planning, learning and development, and employee
engagement (Murugesan et al., 2023) .This evolution of the HRM role is also a result of the realisation of the importance of HRM
to organisational competitiveness, particularly in knowledge-based organisations such as the university, where the primary
resource is human capital. The literature suggests that HRM practitioners must operate in complex socio-technical systems where
strategic decision-making is an important aspect of the organisational effectiveness of the university.

Parallel to these developments, the emergence of digital technologies and Artificial Intelligence (Al) has changed the way
organisational processes are carried out in various sectors of the economy, thereby changing the way HR functions are carried out
(Tanantong & Wongras, 2024). Al technologies such as machine learning, natural language processing, and predictive analytics are
being integrated into HR processes such as recruitment, performance evaluation, training, etc., to improve the accuracy, efficiency,
and responsiveness of HR Al-based digital HR systems can automate tasks, reduce errors, and facilitate real-time data-driven
decision-making, thereby allowing HR practitioners to focus more on strategic activities (Adamu et al., 2024). However, the
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literature also suggests that the effectiveness of Al technologies is subject to organisational readiness, ethical use, and the ability
of the workforce to adapt to digital technologies.

In the case of Nigerian universities, HRM is subject to various structural and operational challenges that may impede the adoption
and implementation of digital technologies. For instance, these institutions are characterised by limited funding, bureaucratic
culture, poor technological base, and skills deficiency among HRM practitioners and employees, which may limit the successful
implementation of digital and Al-based HRM systems (Tuffaha & Rosario, 2022). Moreover, resistance to organisational changes
and the prevalence of manual culture in many organisations may also limit the successful transition from less sophisticated HRM
systems to more technologically oriented ones. Empirical research on the Nigerian public sector environment indicates that,
despite the adoption of digital HR systems, such as Human Resource Information Systems (HRIS), factors such as poor ICT base,
poor electricity supply, and training remain major impediments to their successful implementation processes (Wongras &
Tanantong, 2023).

However, despite these limitations, the African HRM studies point towards an increasing interest in the use of Al and digital
technologies for enhancing administrative effectiveness and strategic decision-making in HEls. However, the use of Al and digital
technologies is still in its infancy and faces several challenges in the context of Nigerian universities. Some of the challenges
identified include costs, technical and digital literacy capabilities, and employee acceptance (Khan et al., 2024). Employee
acceptance is also an important factor that needs to be considered because even if HRM interventions based on digital and Al
technologies are implemented effectively, the outcomes may not be realized if the employees do not accept these technologies.
Hence, there is a need for exploring the employee acceptance of Al and HRM technologies in Nigerian universities (Shadrach &
Umemezia, 2025).

The role of Artificial Intelligence (Al) in the Human Resource Management (HRM) function has been recognized as an enabler for
increasing the efficiency of organisations, improving the quality of decision-making, and enhancing the quality-of-service delivery
(Anushiem, 2024a). The use of Al systems in HRM can lead to an accelerated recruitment process, data-driven performance
appraisal systems, predictive workforce planning systems, and enhanced employee self-service systems. For a knowledge-based
organisation like a university, where human resources are the primary enablers for achieving the institutional goals of teaching,
research, and community service, the use of Al systems in HRM is promising (Obeta & Edwin, 2025). However, the successful
implementation of these benefits is not only linked to the availability of Al systems but also to the employees' acceptance and use
of the systems. Employee acceptance is an important area that needs to be understood because resistance to the use of Al systems
can lead to a negative impact on the benefits that can be achieved.

However, despite the potential advantages that can be derived from the adoption of Al in HRM, it is apparent that Nigerian
universities have made little progress in the adoption and implementation of Al-enabled and digital HR systems. This is because
most of the institutions are still using manual or semi-automated HR systems, which are characterised by inefficiencies, delays,
and a lack of responsiveness in the delivery of HR services. In addition, the adoption of digital HR systems has been inconsistent
and limited by infrastructural constraints, lack of skills, and resistance to change in the organisational setting (lancu & Oprea,
2025). Moreover, the attitudes and acceptance of employees towards Al-driven HR systems are still not clear, which is a challenge
to the management of universities in justifying the adoption of Al-driven HR systems.

1.1 Objectives of the Study
i To evaluate employee acceptance of digital HR systems
ii. To identify barriers and enablers of Al adoption in Nigerian university HRM

2.0 CONCEPTUAL AND THEORETICAL FRAMEWORK

2.1 Artificial Intelligence in Human Resource Management

Artificial Intelligence (Al), in general, is the ability of computers and other machines to perform activities that require human
intelligence, such as learning, reasoning, problem-solving, perception, and decision-making. In the initial stages, Al was conceived
as the imitation of human intelligence. McCarthy (1956) defined Al as the science and engineering of making intelligent machines.
Since then, the concept of Al has diversified to include various computational approaches that allow computers to process data,
recognise patterns, and improve performance on their own. In the current literature, Al is not considered an isolated technology
but is regarded as an overarching term that refers to various associated technologies that improve the performance of
organisations and society.

Al can be broadly classified into various areas, including machine learning, deep learning, natural language processing, expert
systems, and computer vision. Machine learning, in particular, has emerged as a key area of Al application because it can enable
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systems to learn from data without being explicitly programmed (Wongras & Tanantong, 2023). These technologies help
organisations process a large amount of data in a more efficient manner and provide predictive insights that help in decision-
making. In an organisational context, Al systems are increasingly being integrated into digital platforms to automate routine tasks,
minimize errors, and maximize efficiency (Song & Wu, 2021).

Within the field of management and organisational studies, Al is defined as a transformative technology that reconfigures work
processes, decision-making, and human-technology relationships. Al is a labour-augmenting(Vazquez & Sunyer, 2021) technology,
meaning that it does not substitute for human labor entirely but instead helps employees with complex cognitive tasks, thereby
increasing productivity (Moghalu et al., 2025). Nevertheless, the implementation of Al is also associated with critical issues of
ethics, transparency, data privacy, and bias. These issues have led to an increasing amount of academic discussion on responsible
Al, focusing on the importance of developing governance structures that promote fairness, accountability, and trust in Al systems
(Ogboe & Sowande, 2024)

In Human Resource Management (HRM), the conceptual application of Al is described as a strategic enabler of digital HR systems,
which supports activities like recruitment, performance management, training, and employee analytics. The use of Al in HR
applications is intended to enhance objectivity and efficiency in HR decision-making, as well as improve the employee experience
through personalised and data-driven processes (Amie-Ogan, 2025) However, the potential of Al in HRM is also dependent on
employee acceptance, organisational culture, and technology readiness. This implies that Al is not only a technological innovation
but also a socio-technical phenomenon that needs to be aligned with technology, people, and context to achieve sustainable
outcomes.

2.2 Digital HR Systems in Universities

The term "digital HR systems" refers to the use of information technology to manage and deliver human resource-related functions
in a more efficient, transparent, and strategic way. In the university context, digital HR systems include various forms of Human
Resource Information Systems (HRIS), electronic human resource management systems (e-HRM), cloud-based HR systems, as well
as artificial intelligence-based HR systems. The use of digital HR systems is part of the broader movement toward digital
transformation in higher education institutions, which is motivated by the need to manage increasingly complex academic and
administrative workforces (Elegunde & Osahie, 2020). The setting of universities is an interesting scenario for the implementation
of digital HR systems. Universities have a dual system of administration and academics. Unlike other corporate organisations,
universities have different categories of staff, including academic faculty, administrative staff, and supporting staff. Digital HR
systems in universities are meant to cover a variety of needs, including the recruitment of staff, payroll systems, promotion and
tenure systems, training and development, and even employee self-service systems. These systems enable the HR department to
efficiently manage day-to-day operations while ensuring transparency and consistency in the operations of the HR function (Singh
& Pandey, 2023).

The importance of digital HR systems in the university context is the potential of these systems to enable the transformation of
the HR function from a transactional to a more strategic role. In the university context, there is a need to account for the
performance of each employee, and this is where digital HR systems can play a critical role in the creation of a platform for linking
the performance of each employee with the goals of the institution (Gonzalez et al., 2025) (Stone et al., 2015). In addition, the use
of analytics tools enables the creation of insights regarding the productivity of each employee. However, the implementation of
digital HR systems in universities can be hampered by various factors. These factors include the lack of proper ICT infrastructure,
lack of funding, security of data, and resistance from university staff (Shaikh et al., 2025). University staff may view digital HR
systems as a means of controlling them, thus reducing their autonomy as professionals (Oyovwedjebre et al., 2025). This indicates
that digital HR systems are socio-technical in nature, as the success of technology is largely dependent on the acceptance of users.

2.3 Employee Acceptance of Digital Technologies

Employee acceptance of digital technologies is defined as the degree to which employees are willing to accept and integrate digital
technologies into their daily work activities. Employee acceptance of digital technologies is an important factor that influences the
success of digital transformation in an organization (Palos-Sanchez et al., 2022). Digital technologies have been shown to fail in
many instances because employees do not accept them. Digital technologies in contemporary organisations include information
systems, artificial intelligence applications, and automated technologies. The importance of employee acceptance of digital
technologies lies in the fact that it is crucial to both practice and theory (Attamah, 2025). Digital technologies have become an
essential aspect of work activities in many contemporary organisations. Therefore, employee acceptance of digital technologies
is important. Employee acceptance is based on behavioural and cognitive assessments of technology, which centre on perceptions
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of usefulness and ease of use. Employees will accept digital technologies if they perceive these technologies as helpful in enhancing
their performance, making their work less burdensome, and making their work more efficient. Conversely, technologies that are
perceived as complex, unreliable, or incompatible with their work will generate resistance to these technologies (Johnson et al.,
2022). Besides these instrumental factors, acceptance is further moderated by affective factors such as anxiety, self-confidence,
and threat to security.

Organisational and social factors have been shown to have an important impact on employee acceptance of digital technologies
(Adeyosola, 2025). Leadership support, organisational culture, peer influence, and training/technical support have all been shown
to have an impact on employee acceptance of digital technologies. Research indicates that employees are more likely to accept
digital technologies when organisations provide adequate support and communicate the benefits of digital technologies to
employees (Awad et al., 2025). Furthermore, research indicates that employees are more likely to accept digital technologies
when they are involved in the process of implementing digital technologies The importance of social influence is likely to be
particularly salient in a knowledge-intensive environment. Trust and ethics have increasingly become important factors in
employee acceptance in the digital age. Issues such as data privacy, surveillance, and fairness may play a critical role in influencing
employee acceptance of digital technologies. Technologies that are not transparent and are seen as instruments of excessive
surveillance may lead to resistance, even if they provide benefits (Asabor & Alordiah, 2025). With the increasing adoption of Al-
enabled technologies in organisations, employee acceptance is closely linked to ethics and employee rights.

3.0 THEORETICAL REVIEW

3.1 Technology Acceptance Model (TAM)

The Technology Acceptance Model (TAM) is arguably the most frequently used conceptual model to explain and predict individual-
level information system and technology adoption. The TAM was conceptualised by Davis (1989) and is based on the Theory of
Reasoned Action. The model asserts that two salient beliefs, perceived usefulness and perceived ease of use, drive individuals’
attitudes toward a technology, which in turn drives intention to use and actual use. The TAM has enjoyed broad appeal due to its
simplicity, parsimony, and empirical support in various technology contexts, ranging from organisational technologies to e-
learning and technology-based HR interventions. The TAM has emerged as a preeminent model in technology adoption studies.
Despite the popularity of TAM, it has been widely criticised from a theoretical perspective. One of the major criticisms of TAM is
that it oversimplifies the complex social and organisational factors that influence technology adoption. By concentrating on the
individual cognitive perceptions of users, TAM ignores the importance of contextual factors such as organisational culture, power
relations, and technological infrastructure (Bagozzi, 2007). In a complex setting such as a university, where the use of technology
is part of a bureaucratic system and professional autonomy, mere usefulness and ease of use cannot adequately explain the
acceptance of technology. Another significant issue that arises from the use of TAM is the static and deterministic nature of the
model. TAM assumes that there is a linear relationship between beliefs, attitudes, and usage intentions. In other words, the model
assumes that technology adoption is a rational process. However, several empirical studies have shown that technology adoption
is not necessarily a static process. For instance, Venkatesh & Davis (2000) found that technology adoption is often a dynamic
process that changes over time as users become more familiar with the technology or as they experience limitations in the
technology. Similarly, organisational changes can also influence technology adoption.

Moreover, TAM has been criticized for its lack of consideration for the ethical, emotional, and trust-related aspects of technology
adoption. In today’s digital context, particularly in the context of Al-based systems, issues of data privacy, surveillance, bias, and
job security have played a critical role in shaping user acceptance (Stone et al., 2015). These issues go beyond the cognitive
appraisals of usefulness and ease of use, which are the primary concerns of TAM. With the increasing role of digital technology in
shaping employment relations and decision-making practices, researchers have argued that models of acceptance need to take
into account moral, emotional, and trust-related considerations to remain theoretically valid (Gefen et al., 2003). In response to
these limitations of the original TAM model, several extensions of the model have been developed, including TAM2, TAM3, and
the unified theory of acceptance and use of technology (UTAUT). These models have been developed in an attempt to overcome
some of the limitations of the original TAM model by adding social influences, facilitating conditions, and individual differences to
the model (Venkatesh et al., 2003). However, the extensions of the original TAM model have been criticised for retaining the
fundamental individualistic focus of the original model while failing to adequately account for the institutional and political aspects
of technology adoption. In this sense, the original TAM model is now seen as a limited but useful tool that should be integrated
with broader socio-technical or organisational theories.
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3.2 Unified Theory of Acceptance and Use of Technology (UTAUT)

The Unified Theory of Acceptance and Use of Technology (UTAUT) was developed by Venkatesh, Morris, Davis, and Davis (2003)
to provide a comprehensive framework for explaining user intentions and actual usage of information systems. The theory
synthesises elements from eight prominent technology acceptance models, including the Technology Acceptance Model (TAM),
the Theory of Reasoned Action, and the Diffusion of Innovation Theory. UTAUT proposes that four core constructs, performance
expectancy, effort expectancy, social influence, and facilitating conditions, directly influence behavioural intention and technology
use. Additionally, the model incorporates moderating variables such as age, gender, experience, and voluntariness of use, thereby
offering a more nuanced understanding of technology adoption across different user groups.

Performance expectancy, which refers to the degree to which an individual believes that using a system will enhance job
performance, is considered the strongest predictor of behavioural intention in UTAUT. In the context of organisational
technologies, employees are more likely to accept and use systems they perceive as improving efficiency, accuracy, or decision-
making. Effort expectancy, defined as the perceived ease associated with system use, further shapes acceptance by influencing
users’ confidence and willingness to engage with new technologies. These constructs are particularly relevant in complex
organisational environments such as universities, where administrative staff and academics may vary significantly in their
technological competence and workload pressures.

Social influence, another key construct of UTAUT, captures the extent to which individuals perceive that important others believe
they should use a particular technology. In institutional settings, such as universities, managerial directives, peer usage, and
professional norms can significantly shape employees’ acceptance of digital HR systems. Facilitating conditions, which refer to the
availability of organisational and technical infrastructure to support system use, further determine whether intention translates
into actual usage. Empirical studies suggest that training, technical support, and reliable digital infrastructure are critical in
promoting sustained use of HR technologies, particularly in developing country contexts (Venkatesh et al., 2003).

The relevance of UTAUT to the present study lies in its ability to explain employee acceptance of Al-enabled digital HR systems
within Nigerian universities. As universities increasingly adopt Al-driven platforms for recruitment, performance management,
and HR analytics, employees’ perceptions of system usefulness, ease of use, social expectations, and institutional support become
central to successful implementation. UTAUT provides a robust theoretical lens for examining how these factors interact to
influence acceptance and usage behaviours among university staff, whose work environments are shaped by both administrative
structures and professional autonomy.

3.3 Diffusion of Innovation (DOI) Theory

The Diffusion of Innovation (DOI) Theory, developed by Rogers (2003), is a foundational framework for understanding how new
ideas, technologies, and practices spread within a social system over time. The theory explains diffusion as a process through
which an innovation is communicated via certain channels among members of a social system. According to Rogers, diffusion is
not an instantaneous event but a gradual process shaped by social interactions, institutional structures, and individual perceptions.
DOI has been widely applied across disciplines, including sociology, management, information systems, and education, making it
particularly relevant for analysing the adoption of digital technologies in organisational contexts.

Central to the DOI theory is the innovation-decision process, which outlines five stages through which individuals or organisations
pass when adopting an innovation: knowledge, persuasion, decision, implementation, and confirmation. At the knowledge stage,
potential adopters become aware of the innovation and gain some understanding of how it functions. This is followed by
persuasion, where attitudes toward the innovation are formed based on perceived advantages or disadvantages. The decision
stage involves acceptance or rejection, while implementation focuses on actual use. The confirmation stage occurs when users
seek reinforcement for their adoption decision, often influenced by observed outcomes and feedback from peers. This processual
perspective distinguishes DOI from more static acceptance models by emphasising adoption as an evolving and socially embedded
phenomenon.

DOI theory also identifies five key attributes of innovations that influence adoption rates: relative advantage, compatibility,
complexity, trialability, and observability. Relative advantage refers to the degree to which an innovation is perceived as better
than existing alternatives, while compatibility reflects alignment with users’ values, experiences, and needs. Complexity addresses
the perceived difficulty of understanding or using the innovation, whereas trialability and observability relate to opportunities to
experiment with and observe the benefits of the innovation. These attributes have been shown to significantly affect adoption
decisions, particularly in organisational settings where employees evaluate new technologies against established routines and
norms.
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Another important contribution of DOI theory is its classification of adopters into categories based on their propensity to adopt
innovations: innovators, early adopters, early majority, late majority, and laggards. This categorisation highlights the
heterogeneity of adoption behaviors within a social system and underscores the role of opinion leaders in shaping diffusion
patterns. In institutional environments such as universities, early adopters often influence broader acceptance by legitimising new
technologies and demonstrating their utility. This aspect of DOI is particularly useful for understanding how digital systems gain
momentum over time within complex organizations.

4.0 METHODOLOGY

This study adopts a systematic literature review (SLR) design to examine the adoption of artificial intelligence (Al) in human
resource management (HRM) and employee acceptance of digital HR systems in universities. The SLR approach is appropriate
because it allows for a structured, transparent, and replicable synthesis of existing research. Unlike narrative reviews, a systematic
review minimises bias by applying predefined criteria for study selection and analysis. It also facilitates the identification of
research trends, knowledge gaps, and patterns across multiple studies, which is critical for consolidating evidence on Al adoption
and digital HR system acceptance in higher education contexts (Hmoud & Varallyai, 2020)

4.1 Search Strategy

A comprehensive literature search was conducted across multiple academic databases, including Scopus, Web of Science, Google
Scholar, and Africa Journals Online (AJOL). These databases were selected for their coverage of peer-reviewed journals, conference
proceedings, and regionally relevant publications. The search employed a combination of keywords and Boolean operators to
capture studies relevant to Al adoption, digital HR systems, and employee acceptance in university settings.

4.2 Inclusion and Exclusion Criteria

The selection of studies was guided by clearly defined inclusion and exclusion criteria. Included studies were those published
between 2019 and 2025 to ensure relevance to contemporary digital HR practices, peer-reviewed journal articles, conference
proceedings, and book chapters, studies focused on universities or other higher education institutions, and research that was
empirically or theoretically relevant to Al adoption in human resource management or employee acceptance of digital HR systems.
Conversely, studies were excluded if they were non-English publications, focused exclusively on corporate or non-educational
contexts without transferable insights to higher education, or consisted of opinion pieces, editorials, or reports that lacked
adequate methodological rigour.

4.3 Data Extraction and Analysis

Data from the selected studies were systematically extracted using a predefined template, capturing details such as author, year,
country, study context, research method, digital HR system type, Al application, and key findings. Coding and thematic synthesis
were applied to identify recurring patterns, emerging themes, and gaps in the literature. The analysis employed an analytical
framework linking study findings to theoretical models such as TAM, UTAUT, and Diffusion of Innovation (DOI), allowing the review
to integrate conceptual, empirical, and contextual insights on Al adoption and employee acceptance.

5.0 FINDINGS OF THE REVIEW

5.1 Trends in Al Adoption in HRM within Universities

The review of the literature indicates a growing interest in the adoption of Artificial Intelligence (Al) in human resource
management (HRM) within universities, reflecting broader trends in digital transformation across higher education institutions
(Obi, 2025). Al applications in HRM have increasingly been integrated into processes such as recruitment, employee performance
management, training and development, talent analytics, and administrative automation. In recruitment, Al-driven tools are used
to screen CVs, rank candidates, and conduct preliminary assessments, reducing time-to-hire and enhancing objectivity.
Performance management systems incorporate predictive analytics and machine learning algorithms to monitor staff productivity,
identify training needs, and support strategic workforce planning. Similarly, Al-enabled learning platforms provide personalised
professional development opportunities for university staff, aligning training with both individual and institutional objectives
(Madanchian & Taherdoost, 2025).

In terms of levels and patterns of adoption, the literature shows that Al adoption is still in its early to moderate stages in many
universities, particularly in developing country contexts such as Nigeria. Large, research-intensive institutions are often early
adopters, integrating Al tools into centralised HR platforms, while smaller universities tend to adopt Al more selectively or rely on
standalone digital HR applications (Menyechi & Authors, 2025). Adoption patterns also vary by function; administrative tasks such
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as payroll and leave management are more widely automated, whereas strategic functions like talent analytics and performance
prediction are less common due to infrastructure, cost, and skill limitations. Additionally, studies highlight a gradual shift from
pilot implementations to broader institutional integration, often starting with modules that require low-risk experimentation and
gradually expanding to more complex Al-driven decision-making systems (Lutfi & Mohammadi, 2025)

5.2 Drivers of Al Adoption in University HRM

The literature indicates that the adoption of Artificial Intelligence (Al) in university human resource management (HRM) is
influenced by a combination of technological, organisational, and environmental drivers. Technological drivers include the
availability, sophistication, and usability of Al-enabled HR platforms (Opara, 2023). Universities are more likely to adopt Al when
systems are perceived as reliable, efficient, and capable of automating routine HR tasks while providing advanced analytics for
decision-making. The rapid development of machine learning, predictive analytics, and Al-enabled HR software has increased the
accessibility and functionality of digital HR tools, making them attractive for universities seeking to improve HR efficiency,
accuracy, and strategic workforce management (Rooshma et al., 2024)

Organisational drivers refer to internal factors within universities that facilitate Al adoption. Key organisational enablers include
leadership support, strategic alignment of digital initiatives with institutional goals, availability of skilled personnel, and effective
IT infrastructure (Okoro, 2024). Studies suggest that universities with a strong commitment to digital transformation, robust ICT
support, and dedicated HR technology teams are more successful in implementing Al systems (Adias, 2025). Organisational culture
also plays a critical role; institutions that foster innovation, collaboration, and openness to change are more likely to embrace Al
technologies. Furthermore, employee readiness and training programs enhance the capability of staff to engage with Al systems,
reducing resistance and improving acceptance.

Environmental drivers capture external pressures and opportunities that influence Al adoption in university HRM. Regulatory
requirements, competitive pressures, and global trends in digitalisation act as motivating factors for universities to integrate Al
into HR practices. For instance, universities operating in highly competitive educational markets may adopt Al to improve
operational efficiency, enhance staff performance, and attract top talent. Collaboration with technology vendors, access to
national and international research networks, and benchmarking against best practices also encourage the adoption of innovative
HR solutions. Additionally, external funding opportunities, governmental ICT policies, and professional accreditation requirements
may incentivise universities to adopt Al-enabled HR systems to meet compliance and performance standards (Al-Alawi et al.,
2023).

5.3 Barriers and Challenges to Al Adoption

Despite the potential benefits, the adoption of Al in university HRM faces multiple barriers and challenges that hinder effective
implementation. One of the primary challenges is infrastructure, particularly inadequate ICT facilities, unreliable internet
connectivity, and insufficient server capacities, which limit the ability of universities to deploy advanced Al systems. Many
institutions, especially in developing countries, lack integrated HR platforms capable of supporting Al-enabled functionalities,
resulting in fragmented or inefficient HR processes (Ezeneme, 2024)

Cost is another significant barrier. The acquisition, implementation, and maintenance of Al systems involve substantial financial
investment, which may be prohibitive for universities with limited budgets. High costs are compounded by the need for regular
system updates, licensing fees, and investments in staff training, making long-term sustainability a concern (Okolie & Egbon, 2023).
Skills and human capacity challenges also impede adoption. Al systems require staff who are digitally literate and capable of
interpreting analytics outputs. Universities often face shortages of personnel with technical expertise in Al, HR analytics, and data
management, which can slow implementation and reduce system effectiveness. Training programs and continuous professional
development are necessary to bridge these gaps (Epebinu et al., 2024).

Ethical and regulatory issues present critical constraints. Concerns over data privacy, algorithmic bias, surveillance, and fairness
can limit adoption or generate resistance among staff. Universities must comply with national data protection laws and
institutional policies, ensuring that Al-driven HR decisions are transparent, accountable, and ethically sound. Failure to address
these considerations may not only reduce trust but also expose institutions to legal and reputational risks (Anushiem, 2024b)

5.4 Employee Acceptance of Digital HR Systems

Employee acceptance is an important determinant that influences the success of digital HR systems in universities. The literature
points out various important factors that determine employee acceptance, including perceived usefulness, ease of use, trust, and
organisational support. Perceived usefulness is the degree to which employees perceive the usefulness of the system in improving
their performance, efficiency, and decision-making, while ease of use is the degree to which employees find the system easy to
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use (Bamigbola & Joseph, 2025). Trust, especially in the case of Al-based HR systems, is an important factor because employees
need to be confident and trust the decision-making processes and the fairness of the system. Organisational support also plays an
important role in the acceptance of the digital HR system (Revillod, 2025)

On the other hand, there are several factors that contribute to resistance, fear, and ethical issues. Resistance may stem from
concerns over job security, fear of being monitored more closely, or discomfort with new technologies. In addition, ethical issues
may involve data privacy, biases in Al technologies, and a lack of transparency in HR decisions. There may also be fear of losing
control over HR activities or feeling that technology erodes professional autonomy, especially for academic staff in university
settings where autonomy is highly valued (Obeta & Edwin, 2025). The interplay of all these factors highlights the socio-technical
nature of digital HR systems, as it is clear that technology alone is not sufficient to ensure the adoption of HR systems. Rather, it
is crucial to create positive employee perceptions, build trust, and address various ethical and psychological issues. Universities
that effectively integrate various strategies to promote the adoption of Al-driven HR systems will be able to attain higher levels of
employee acceptance of such systems (Pedrami & Vaezi, 2025).

6.0 THEMATIC SYNTHESIS AND DISCUSSION

The synthesis of the literature review points to several themes and patterns that emerge regarding the adoption of Al in university
HRM and the acceptance of the technology by employees (Kambur & Yildirim, 2023). One major theme that is evident is that the
adoption of Al is a function-specific and incremental process, where universities tend to adopt Al in administrative functions such
as recruitment, payroll, and leaves before strategic functions such as performance analytics and talent management. Additionally,
the acceptance of the technology by employees is also a function of the usefulness and ease of use of the technology, as well as
the trust that employees have in the reliability of the technology and the availability of organisational support. Thus, it can be
inferred that the successful implementation of Al technology is a function of both the technology and the employees (Amoako et
al., 2023) By comparing the pattern of Al adoption and acceptance in different universities, it has been found that large research-
intensive universities with better ICT infrastructure and financial as well as human resource capabilities are more likely to be early
adopters of Al technologies. On the contrary, small-scale universities with limited financial and resource capabilities are more
likely to be selective in adopting Al technologies. Moreover, it has been found that employees in administrative positions tend to
be more accepting of Al systems compared to academic employees, who might resist Al technologies due to their perception of
Al as an invasive technology undermining professional autonomy (Alam et al., 2020).

The findings show strong consistency with the Technology Acceptance Model (TAM), the Unified Theory of Acceptance and Use
of Technology (UTAUT), and the Diffusion of Innovation (DOI) theory, providing a strong foundation from which to understand the
concept of technology adoption and acceptance (Ramachandran et al., 2024). The concepts of Perceived Usefulness and Perceived
Ease of Use, as proposed by the TAM model, provide strong support for the understanding of why employees might be more
inclined to accept and adopt Al technology that can assist them in being more efficient and effective in their work. The UTAUT
model takes this understanding a step further by including the concepts of Social Influence and Facilitating Conditions, providing
further insight into the factors that can impact the adoption and acceptance of technology (Babayayi et al., 2025). The DOI theory
also provides an interesting perspective on the concept of technology adoption and acceptance, focusing on the characteristics of
the innovation, including relative advantage, compatibility, complexity, trialability, and observability. The above theories provide
strong support for the understanding that the adoption and acceptance of Al technology in the university HRM function is a
technological and socio-organisational construct (Maheswari et al., 2024)

The review also points out the variation that exists between different institutions and countries. In developed countries, the
research shows that the use and adoption of Al technology are more widespread and integrated. This is because these countries
have the appropriate digital infrastructure and human capacity to support the use and adoption of Al technology. However, in
universities in developing countries such as Nigeria, the infrastructural challenges and lack of digital literacy among the workforce
act as barriers and moderating factors in the adoption and acceptance of Al technology by the employees (Ahmed, 2018). Cultural
issues and the organisational hierarchy also play a role in the acceptance and perception of Al technology by the employees. These
issues point out the need for the appropriate and context-specific strategies that take into account the technological readiness and
the local context in which Al technology is being implemented (Awad et al., 2025)
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7.0 CONCLUSION AND RECOMMENDATIONS

7.1 Conclusion

This study is a systematic literature review that aimed to identify the adoption of Artificial Intelligence (Al) in human resource
management (HRM) and the acceptance of HR digital technologies by employees within the university context. The results showed
that the adoption of Al in HRM in universities is incremental and functional in nature. , Administrative HR functions, such as
recruitment, payroll, and leaves, are more likely to be adopted than strategic HR functions such as performance prediction and
employee analytics. The driving forces behind the adoption include technology readiness, organisational support, and
environmental pressures. In contrast, the major impediments include infrastructural issues, costs, technical competency, and
ethical issues. Acceptance by employees was found to be an important determinant in the successful integration of Al. Perceived
usefulness, ease of use, trust in system reliability, and the availability of support from the organisation were found to be important
determinants of employee acceptance. On the other hand, resistance, fear of replacement, and ethical issues related to data
privacy and bias were found to be limiting factors. The review also found that the adoption and acceptance levels of Al differ from
one institution to another and from one country to another, with universities in developed countries showing greater adoption
and favourable employee perceptions compared to developing countries, including Nigeria. The results, therefore, highlight the
socio-technical nature of the integration of Al in the HRM function of universities, suggesting that the level of technology alone
does not ensure the integration or use of the technology. Instead, there is a need to ensure that the technology is aligned to the
organisational strategy, the employees have the necessary competencies and trust in the technology, and the contextual, cultural,
and ethical factors are taken into consideration. Theoretical frameworks, such as TAM, UTAUT, and Diffusion of Innovation, offer
useful perspectives on the integration and acceptance of technology, including the role of perceptions, social factors, innovation,
and facilitating conditions.

7.2 Recommendations

Based on the findings, the following recommendations are proposed for universities, policymakers, and future research:
Strategic Planning and Leadership Support: Universities need to incorporate the adoption of Al technology in their HRM strategy.
In this regard, there is a need to ensure that there is leadership support and championing of the adoption and implementation of
digital technologies. Communication regarding the need, benefits, and outcomes of implementing Al technology in HRM may
improve employee adoption and reduce any potential resistance to change.

Capacity Building and Training: Universities need to invest in training programs aimed at improving employees' digital literacy and
technical skills. Such training may improve employee confidence and positive perceptions regarding the usefulness and usability
of Al technology in HRM.

Infrastructure and Resource Investment: Universities need to invest in ICT infrastructure, such as networks, servers, and data
storage systems, to support the adoption and implementation of Al technology in HRM. There is a need to ensure adequate
funding and resource allocation.

Ethical and Transparent Al Practices: The adoption of Al must follow ethical standards that ensure data privacy, fairness in Al
decision-making, and transparency. Universities must have appropriate policies and systems in place to ensure trust and address
employee concerns regarding surveillance and the misuse of employee data.

Employee Involvement and Change Management: Employee involvement in the development, testing, and evaluation of Al
systems can enhance employee acceptance of Al. Change management approaches provide employees with opportunities to
contribute to the process, making them feel valued and more willing to embrace digital HR technologies.

Context-Specific Implementation: The adoption of Al must take into consideration the specific context of each university and
nation. The availability of resources, organisational culture, and workforce characteristics must be taken into consideration. Pilot
programs can be implemented before full-scale adoption.

REFERENCES
1) Adamu, O. O., Emeka, F., & Mimingu, G. (2024). Academic Staff Perception of the Application of Digital Technologies in the
Management of Human Resources in Private Universities in Abuja, Nigeria. International Journal of Library Science &
Education Research Published by Cambridge Research and Publications, 6(8).
2) Adeyosola, Y. 0. (2025). Artificial Intelligence and Recruitment Practices in Nigeria: Ethical Implications and the Future of
Talent Management. NIU Journal of Social Sciences NIU Journal of Social Sciences Copyright©2025 Nexus International
University, 11(4), 295-300.

JEFMS, Volume 09 Issue 02 February 2026 www.ijefm.co.in Page 1126



http://www.ijefm.co.in/

Adoption of Artificial Intelligence in Human Resource Management and Employee Acceptance of Digital HR
Systems in Nigerian Universities

3)

4)
5)

6)

7)

8)

9)

10)

11)

12)

13)

14)

15)

16)

17)

18)

19)

20)

21)

JEFMS,

Adias, L. (2025). Digital Human Resource Management Transformation in Nigeria: Impacts on Talent, Performance, and
Workforce Well-being. Scientific Journal for Technology Management, Information and Artificial Intelligence, 1(1), 75-95.
https://doi.org/10.69798/76859601

Ahmed, O. (2018). Artificial Intelligence in HR. International Journal of Research and Analytical Reviews, 5(4), 971-978.
Al-Alawi, A. |., Messaadia, M., Mehrotra, A., Sanosi, S. K., Elias, H., & Althawadi, A. H. (2023). Digital transformation
adoption in human resources management during COVID-19. Arab Gulf Journal of Scientific Research, 41(4), 446-461.
https://doi.org/10.1108/AGJSR-05-2022-0069

Alam, M. S., Khan, T.-U.-Z., Dhar, S. S., & Munira, K. S. (2020). HR Professionals’ Intention to Adopt and Use of Artificial
Intelligence in Recruiting Talents. Business Perspective Review, 2(2), 15-30. https://doi.org/10.38157/business-
perspective-review.v2i2.122

Amie-Ogan, T. O. (2025). Artificial Intelligence (Al) as a Paradigm Shift in Retooling Human Resource Cycle Operations for
Staff Productivity in Nigerian Universities. International Journal of Educational Management, 1(2), 90-104.
https://www.ijedm.com

Amoako, R., Jiang, Y., Adu-Yeboah, S. S., Frempong, M. F., & Tetteh, S. (2023). Factors influencing electronic human resource
management implementation in public organisations in an emerging economy: An empirical study. South African Journal
of Business Management, 54(1), 1. https://doi.org/10.4102/sajbm.v54i1.2937

Anushiem, M. I. (2024a). Appraisal Of The Prospects Of The Application Of Artificial Intelligence On Workplace Productivity
In Nigeria. African Journal of Educational Management, Teaching and Entrepreneurship Studies, 13(2), 341-361.
http://sjifactor.com/passport.php?id=21362

Anushiem, M. . (2024b). Employment Law, Artificial Intelligence, And National Development In Nigeria: An Appraisal.
Unizik Journal of Educational Research and Policy Studies, 18(3).

Asabor, B. M., & Alordiah, C. (2025). Assessing the Impact of Digital Transformation on Human Resource Management in
Nigerian Tertiary Institutions: A Measurement Model (Digital HRM Impact Assessment Framework (DHIAF)) Proposal. NIU
Journal of Humanities, 10, 239-250.

Attamah, N. (2025). Artificial Intelligence And Human Resource Management Practices: The Nigerian Experience. Enugu
State University of Science and Technology, Journal of Social Sciences and Humanities, 10, 303—315.

Awad, A., Mousa, A., Abdelaziz, E., & Attia, A. (2025). Assessing the Future of HRM: Exploring the Transformative Role of
Artificial Intelligence in Realizing the UAE’s Vision 2031 for Al-Driven Human Resources Practices. Qubahan Academic
Journal, 5(4), 84—102. https://doi.org/10.48161/qaj.v5n4a1968

Babayayi, A. U., Sulieman, S. A,, Inuwa, J., & Ramalan, J. (2025). Impact of Artificial Intelligence and Automation on Human
Resource Management in Nigeria. LASU International Journal of Marketing (LAIJOM), 226—238.

Bamigbola, A. A., & Joseph, O. M. (2025). Ethical considerations, perceived benefits and acceptance of artificial intelligence
among library personnel in university libraries in Oyo State, Nigeria. Journal of ICT Development, Applications and
Research, 7(1), 22—49. https://doi.org/10.47524/jictdar.v7i1.23

Elegunde, A. F., & Osahie, R. (2020). Artificial Intelligence Adoption and Employee Performance in The Nigerian Banking
Industry. International Journal of Management and Administration, 4(8), 189-205. https://doi.org/10.29064/ijma.734734
Epebinu, O., Momoh, M., & Chidiebere, N. (2024). Electronic Human Resource Management (e-HRM) And Organizational
Commitment In A Developing Economy: The Mediating Effect of Job Satisfaction. Journal of the Management Sciences,
61(8).

Ezeneme, V. E. (2024). Digitalization Of The Recruitment And Selection Of Academic Staff Of Colleges Of Education In
Nigeria. Journal of Association of Educational Management and Policy Practitioners (JAEMPP), 6(2).
https://journals.aemapp.org

Gonzalez, A. C. C., Benitez, A. M. H., Montiel, G. M. E., Amaya, E. Y. L., & Ortega, N. V. R. (2025). Artificial Intelligence
Adoption in Human Talent Management among SMEs in Emerging Economies: Evidence from Ecuador. Journal of
Technology Management & Innovation, 20, 718—-2724. www.jotmi.org

Hmoud, B. I., & Varallyai, L. (2020). Artificial Intelligence in Human Resources Information Systems: Investigating its Trust
and Adoption Determinants. International Journal of Engineering and Management Sciences, 5(1), 749-765.
https://doi.org/10.21791/ijems.2020.1.65

lancu, C., & Oprea, S. V. (2025). Al and Human Resources in a Literature-Driven Investigation Into Emerging Trends. /EEE
Access, 13, 81897-81916. https://doi.org/10.1109/ACCESS.2025.3568338

Volume 09 Issue 02 February 2026 www.ijefm.co.in Page 1127



http://www.ijefm.co.in/

Adoption of Artificial Intelligence in Human Resource Management and Employee Acceptance of Digital HR
Systems in Nigerian Universities

22)

23)

24)

25)

26)

27)

28)

29)

30)

31)

32)

33)

34)

35)

36)

37)

38)

39)

Johnson, B. A. M., Coggburn, J. D., & Llorens, J. J. (2022). Artificial Intelligence and Public Human Resource Management:
Questions for Research and Practice. Public Personnel Management, 51(4), 538-562.
https://doi.org/10.1177/00910260221126498

Kambur, E., & Yildirim, T. (2023). From traditional to smart human resources management. International Journal of
Manpower, 44(3), 422—-452. https://doi.org/10.1108/1JM-10-2021-0622

Khan, F. A, Khan, A., Aslam, A., & Scholar, R. (2024). Adoption of Artificial Intelligence in Human Resource Management:
An Application of TOE-TAM Model. Human Resource and Labour Management, 5(1), 22-36.

Lutfi, L., & Mohammadi, A. (2025). Challenges of Implementation Artificial Intelligence in Human Resources Management.
International Journal of Academic Research in Business and Social Sciences, 15(4). https://doi.org/10.6007/ijarbss/v15-
i4/24796

Madanchian, M., & Taherdoost, H. (2025). Barriers and Enablers of Al Adoption in Human Resource Management: A Critical
Analysis of Organizational and Technological Factors. Information (Switzerland), 16(1).
https://doi.org/10.3390/info16010051

Maheswari, K., Kumar, A., Dandekar Humnekar, T., Prabhakar, A., Haralayya, B., Kumar, M. N., & Professor, A. (2024). Impact
Of Al And Blockchain Technology In The Growth Of Digital HRM Transformation As A Function Of Management, Educational
Administration: Theory And Practice. Educational Administration: Theory and Practice, 30(4), 1685-1693.
https://doi.org/10.53555/kuey.v30i4.1730

Menyechi, P., & Authors, C. (2025). Constraints of Artificial Intelligence Integration in the 21st Century Human Resource
Management in Higher Institutions in Nigeria. International Journal of Educational Management, 1(1), 278-287.
https://www.ijedm.com

Moghalu, F. A., Adeleye, D. O., & Kanu, C. C. (2025). Application of Artificial Intelligence Global Best Practices in Business
Education: Perception of Business Educators and Students in South-East Nigeria. Vocational & Technical Education Journal
(VOTEJ), 5(1), 70-77. www.votej.com.ng

Murugesan, U., Subramanian, P., Srivastava, S., & Dwivedi, A. (2023). A study of Artificial Intelligence impacts on Human
Resource Digitalization in Industry 4.0. Decision Analytics Journal, 7(February), 100249.
https://doi.org/10.1016/j.dajour.2023.100249

Obeta, R. U., & Edwin, E. I. (2025). Exploring the role of digital governance in enhancing transparency and accountability
in human resource management practices in Nigerian organizations. Arabian Journal of Business and Management Review,
14(1), 13-18. https://orcid.org/0009-0000-0360-1205

Obi, C. N. (2025). Attitude Toward Artificial Intelligence (Ai) and Role on Workers’ Job Involvement In Anambra State,
Nigeria. Journal of Psychology and Behavioural Disciplines, COOU, 5(2).

Ogboe, 0. S., & Sowande, A. (2024). Artificial Intelligence (Al) as a Paradigm Shift in Human Resource Cycle Processes for
Performance in Nigerian Universities. World Journal of Innovation and Modern Technology E-World Journal of Innovation
and Modern Technology E, 8(6). https://doi.org/10.56201/wjimt.v8.n06.2024.pg1.13

Okolie, C. U., & Egbon, T. N. (2023). Effectiveness and Difficulties of Artificial Intelligence Application in Human Resource
Management. Jurnal Transparansi Publik (JTP), 3(2), 53-59.

Okoro, O. G. (2024). Digital Human Resource Practices And Employee Development in Nigerian Banking Sector. In
International Journal of Research in Marketing, Entrepreneur and Management (Vol. 9, Number 2).

Opara, N. D. (2023). Digital Human Resource Management And Institutional Productivity Of Rivers State-Owned Tertiary
Institutions. Journal of International Marketing and Management Innovations, 10(2), 4470-5681.

Oyovwedjebre, E., Onwuaso, E. &, & Ekwutosi, V. (2025). Artificial Intelligence and Digital Connectivity for the Management
of Human Resources in Nigeria Education Sector. GAS Journal of Education and Literature (GASJEL), 2(5), 13-17.
https://doi.org/10.5281/zenodo.17136354

Palos-Sanchez, P. R., Baena-Luna, P., Badicu, A., & Infante-Moro, J. C. (2022). Artificial Intelligence and Human Resources
Management: A Bibliometric Analysis. In Applied Artificial Intelligence (Vol. 36, Number 1). Taylor and Francis Ltd.
https://doi.org/10.1080/08839514.2022.2145631

Pedrami, M., & Vaezi, S. K. (2025). Factors influencing artificial intelligence adoption in human resource management: a
meta-synthesis and systematic review of multidimensional considerations. Journal of Work-Applied Management.
https://doi.org/10.1108/JWAM-10-2024-0158

JEFMS, Volume 09 Issue 02 February 2026 www.ijefm.co.in Page 1128



http://www.ijefm.co.in/

Adoption of Artificial Intelligence in Human Resource Management and Employee Acceptance of Digital HR
Systems in Nigerian Universities

40)

41)

42)

43)

44)

45)

46)

47)

48)

49)

50)

51)

Ramachandran, R., Babu, V., & Murugesan, V. P. (2024). Human resource analytics revisited: a systematic literature review
of its adoption, global acceptance and implementation. Benchmarking, 31(7), 2360-2390. https://doi.org/10.1108/BIJ-04-
2022-0272

Revillod, G. (2025). Exploring the Acceptability of Artificial Intelligence in Human Resources Management: Insights From
Swiss Organizations. Systems Research and Behavioral Science, 42(4), 1061-1084. https://doi.org/10.1002/sres.3140
Rooshma, A., Bargavi, N., Awasthi, S., Vishal Deshmukh, S., Yuvraj Jadhav, D., & Professor, A. (2024). Determinants
Influencing the Adoption of Artificial Intelligence in Driving Effective Human Resource Management. Journal of Informatics
Education and Research, 4, 708. http://jier.org

Shadrach, M., & Umemezia, E. (2025). Adoption of Human Resource Information System among Small and Medium Scale
Enterprises in Nigeria: A Review of Literature. Nigerian Journal of Management Sciences, 26(1a).

Shaikh, N. S., Sohu, J. M., Shaikh, S., Zahra Kherazi, F., & Soomro, S. (2025). Artificial Intelligence Adoption, Green HRM,
and Employee Behavior: Driving Environmental Sustainability in SMEs with Organizational Culture as a Moderator. SAGE
Open, 15(4). https://doi.org/10.1177/21582440251392673

Singh, A., & Pandey, J. (2023). Artificial intelligence adoption in extended HR ecosystems: enablers and barriers. An
abductive case research. Frontiers in Psychology, 14. https://doi.org/10.3389/fpsyg.2023.1339782

Song, Y., & Wu, R. (2021). Analysing human-computer interaction behaviour in human resource management system based
on artificial intelligence technology. Knowledge Management Research and Practice.
https://doi.org/10.1080/14778238.2021.1955630

Tanantong, T., & Wongras, P. (2024). A UTAUT-Based Framework for Analyzing Users’ Intention to Adopt Artificial
Intelligence in  Human  Resource Recruitment: A Case Study of Thailand. Systems, 12(1).
https://doi.org/10.3390/systems12010028

Tiwari, C. Y., & Voon, S. (2025). A Preliminary Review of Artificial Intelligence Adoption in Human Resource Management:
Evidence from Asia. International Journal of Service Management and Sustainability, 10(1), 157-171.
https://doi.org/10.24191/ijsms.v10i1.24222

Tuffaha, M., & Rosario, P.-M. (2022). Adoption Factors of Artificial intelligence in Human Resources Management. Future
of Business Administration, 1(1), 1-12. https://doi.org/10.33422/fba.v1i1.140

Vazquez, M., & Sunyer, A. (2021). Antecedents of user acceptance of electronic human resource management systems (E-
HRM) at SEAT. International Journal of Human Capital and Information Technology Professionals, 12(4), 65-84.
https://doi.org/10.4018/1JHCITP.2021100105

Wongras, P., & Tanantong, T. (2023). An Extended UTAUT Model for Analyzing Users’ Acceptance Factors for Artificial
Intelligence Adoption in Human Resource Recruitment: A Case Study of Thailand. PrePrints.Org.
https://doi.org/10.20944/preprints202311.1612.v1

@ @ There is an Open Access article, distributed under the term of the Creative Commons
Attribution — Non Commercial 4.0 International (CC BY-NC 4.0)

(https://creativecommons.org/licenses/by-nc/4.0/), which permits remixing, adapting and
building upon the work for non-commercial use, provided the original work is properly cited.

JEFMS, Volume 09 Issue 02 February 2026 www.ijefm.co.in Page 1129



http://www.ijefm.co.in/

